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MESAM (Perceive Ease of Use, PEOU)
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Calculate -> PLS Algorithm

Partial Least Squares Algorithm

The PLS path modeling method was developed by Wold (1982). In essence, the PLS algorithm is a sequence of regressions in terms of weight
vectors. The weight vectors obtained at convergence satisfy fixed point equations (see Dijkstra, 2010, for a general analysis of these equations).

{} Setup ii’l Weighting

— Basic Settings Basic Settings ] i
Weighting Scheme () Centroid () Factor @ Path Weighting Scheme
Maximum Iterations: 300 El

PLS-SEM allows the user to apply three structural model weighting schemes:

e A
StDp Criterion (107-X): 7 E (1) centroid weighting scheme,

(Z) factor weighting scheme, and
(3) path weighting scheme (default).

m

— Advanced Settings

Configure individual initial weights

While the results differ little for the alternative weighting schemes, path weighting is the
recommended approach. This weighting scheme provides the highest R? value for
endogenous latent variables and is generally applicable for all kinds of PLS path model
specifications and estimations. Moreover, when the path model includes higher-order
constructs (often called second-order models), researchers should usually not use the
centroid weighting scheme.

Maximum lterations

This parameter represents the maximum number of iterations that will be used for calculating
the PLS results. This number should be sufficiently large (e.g., 300 iterations). When |
< 1 | » checking the PLS-SEM result, one must make sure that the algorithm did not stop because b

After Calculation: |Open Full Report v] l Close l I Start Calculation
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Fig. 1. Research model.




Questionnaire

~Table 1

Questionnaire - Constructs and measurement items.

Constructs

Items

Perceived usefulness (PU)

Perceived ease of use (PEOU)

Hedonic motivation (HM)

Perceived Price Value (PPV)

Attitude to AR/VR applications (ATT)

Behavioral intention (BI) to use AR/VR applications

PU1: AR/VR applications are useful in tertiary tourism education

PU2: AR/VR applications enhance the quality of my learning

PU3: AR/VR applications enable me to accomplish tasks more quickly

PU4: Using AR/VR applications enhance my learning effectiveness

PEOU1: Leaming to use/operate AR/VE applications would be easy to me

PEOQU2: It is easy for me to become skillful at using AR/VR applications

PEOQU3: I find that the use of AR/VR applications is not complicated/does not require a lot of mental effort
PEOU4: My interaction with AR/VR applications is clear and understandable

HM]1: Using AR/VR applications in learning is fun

HM?2: Using AR/VR applications in learning is enjoyable

HM3: Using AR/VR applications in learning is very entertaining

PPV1: AR/VR applications could be beneficial for me compared to the needed efforts.
PPV2: AR/VR applications should be worthwhile for me compared to the requested sacrifice.
PPV3: Overall, AR/VR applications are of good value

ATTI1: I like the idea of using AR/VR applications in my studies/learning

ATT2: AR/VR applications make my learning more interesting

ATT3: I like learning with AR/VR applications

ATT4: My general opinion regarding AR/VR applications is positive

BIl: I intend to use AR/VR applications for my studies in the future

BI2: I predict I would use AR/VR applications for my learning experiences

BI3: I plan to use AR/VR applications frequently




Table 2
Profile of sample (n = 604).

Characteriztics Frequency (n) Percentage (30)
Gender
s Male 137 227
» Female 467 77.3
[ ) Age group
. |7 2 0.3
s 151020 383 63.5
s 2] to 23 168 27.8
s 2410 26 3z 5.3
«27 1o 29 g 1.3
o 304 1 1.8
Degres/Diploma
« Higher vocational college student 157 26.0
¢ Undergraduate 347 57.4
# Master graduate candidate 74 12.3
+ Doctoral candidate ] 1.0
.

Other 20 33

Year of studies

e First year 336 53.6
e Second year o1 15.1
« Third year 45 7.5

s Fourth year 39 6.5

& Master 1st year 41 6.8

s Master 2 nd vear 24 4.0

eMaster 3rd year 24 4.0

« Doctorate candidates 4 0.7

Specialty

e Tourism Management 392 64.9
« Hotel Management 35 9.1

e Tourism related (Tourism & Culture, Animation, Cruise Management, Geography, etc.) 157 26.0
Location of university/Provinee

« Zhejiang 369 61.1
e Jilin 89 14.7
¢ Inner Mongolia 47 7.8

¢ Sichuan 20 3.3

« Anhui 16 26

s Xinjiang 15 25

e Jiangxi 7 1.2

« Fujian & 1.0

# Guizhou & 1.0

* Guangdong 5 0.8

« shandong H] 0.8

¢ Other Provinces (Beijing, Shanxi, Jiangsu, Ningxia, Shanghai, Liaoning & Hubei) 19 32




Measurement model
Reliability

Table 3
Meazurement model’s results.

Vanables Items Loadings Cronbach’s alpha Composite reliability Average vanance extracted
Perceived Usefulness (PU) FUI 0.944 0.966 0.975 0.900
PUZ 0,950
PU3z 0.931
FPlU4 0.958
Perceived easz-of-use (PEOL) PEOL 0.943 0961 0972 0895
PEOLZ2 0.959
PEOU3 0.942
FEOU4 0.94]
Hedonic Motivation (HM) HM] 0.960 0.966 0.978 0.936
HM2 0,959
HM3 0.972
Price Value (PPV) FPV1 0.943 0.927 0.934 0873
FPV2 0.934
FPV3 0.925
Attitude (ATT) ATTI 0,952 0,965 0.975 0906
ATT2 0.950
ATT3 0.950
ATT4 0.942
Behavioral Intention (BI) Bl 0.951 0,928 0.934 0875
BIZ2 0.953

BI3 0.900




Table 4
Discriminant Validity: Fornell-Larcker Criterien, Cross Loadings and HTMT ratio.

t t ATT Bl HM FEOU FFV FU
Bl 0.839 0.035

ATT
HM 0.781 0.702 0.967
PEOU 0.627 0.598 0.693 0.946
PPV 0.801 0.791 0.754 0.733 0.934
PU 0.703 0.696 0.685 0.665 0.785 0.2
Table 5
R” and goodness of fit index.
Construets AVE R®
PU 0.909 —
FEOQU 0.895 —
HM 0.936 —
FPV 0.873 —
ATT 0.906 o.7e
El 0875 0.703
Average Scores 0.899 0.712
AVE'R® 0.640
VAVE*R” (GoF) 0.800
Table &
Blindfolding process: {2, Q* and VIF Values.
Constructs o* B Collinearity ctatisticz (VIF)
FU 0.758 0.013 2818
PEOU 0.740 0.0035 2.452
HM 0.738 0.221 2.651
PPV 0.543 0.193 3.752
ATT 0.754 2.385 1.000

BI 0.648




Results
Path coefficients

Table 7

Stuctural Estimates: Path coefficients.
Hypothesez (H1 to HS) Path coefficient (Beta - i) Standard deviation T Statiztics p value Study results
PU—ATT 0.108 0.049 2185 0.029 Supported
FEQOU—=ATT —0.037 0.032 1.092 0.275 Mot supported
HM—ATT 0,406 0.0B7 4.689 0.000 Supported
PPV—=ATT 0.452 0,069 6.532 0,000 Supported
ATT—EI 0.839 0.029 28 B76 0,000 Supported




Model result
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Cronbach’s Alpha

#£3 ZBEZEERTE Composite Reliability
. BB R
s FE gE mmm AVE
RITEH it 092 0.94 0.79
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PU3 (i FB @AY 11F / 8E / AiEaE

PU4 EHRIETIE /B8 / LSRR - FB AT LR & P

WS AT 0.87 0.94 0.88 )
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Construct Reliability and Validity

=] Matrix it Cronbach's Alpha |#i% rho_A |{if Composite Relia.. ” Copy to Clipboard: | gxcel Format | ‘ R Format |
_ |Cronbach’s... | rho_A Lomposite .. |JAverageV.. |

AT 0.820 0.820 0.917 0.847

IN 0.868 0.874 0.938 0.883

PE 0.868 0.885 0.958 0.883

PT 0.916 0.917 0.947 0.856

PU 0.917 0.934 0.941 0.799
Final Results  Quality Criteria Interim Results Base Data -
Path Coefficients R Square Stop Criterion Changes Setting
Indirect Effects  f Square Inner Model .
Total Effects Construct Reliability and Validity Quter Model 1
Quter Loadings  Discriminant Validity Indicator Data (Original)
Quter Weights  Collinearity Statistics (VIF) Indicator Data (Standardized) L8

Latent Variable Model Fit Indicator Data (Correlations)
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— Discriminant Validity
= Forell-Larcker C..| [E] Cross Loadings | [l Heterotrait-Mono... | it Heterotrait-Mono... | “OPY 1© Clipboard: | Excel Format ‘ ‘ R Format |
AT IN PE PT PU
AT 0.920
IN 0.623 0.940
PE 0.329 0231 0.939
PT 0.500 0.393 0.347 0.925
PU 0.240 0412 0.224 0.239 0.894 §
Final Results  Quality Criteria Interim Results Base Data i
Path Coefficients R Square Stop Criterion Changes Setting
Indirect Effects  fSquare Inner Model|
Total Effects Construct Reliability and Validi Outer Model

Outer | oadings Indicator Data (Original)
Quter Weights Indicator Data (Standardized)
Latent Variable Model Fit Indicator Data (Correlations)

Discriminant Validity
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Path Coefficients

=| Mean, STDEV, T-Val.. | =] Confidence Interval.. | =] Confidence Interval.. | =] Samples Co
Original Sa.. Sample Me.. Standard .. T Statistics ... P Values

0.623 0.626 0.066 9.426 0.000
PE-> AT 0.160 0.161 0.100 1.598 0.110

0.420 0418 0.096 4378 0.000
PU-> AT 0.103 0.115 0.087 1.187 0.235

Final Results Histograms Base Data

Path Coefficients Path Coefficients Histogram Setting

Total Indirect Effects Indirect Effects Histogram  Inner Model

Specific Indirect Effects Total Effects Histogram QOuter Model

Total Effects Indicator Data (Original)

QOuter Loadings Indicator Data (Standardized)

Quter Weights
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(SIT) SIT3 | 3.809(1.423) | 0.930
- SVI | 4.539(1.290) | 0.876
&,f' SV2 | 4.522(1.182) | 0.863 0.802 0.883 | 0.717
SV3 | 4.657(1.148) | 0.800
(2T TR1 | 4.665(1.178) | 0.798
(‘T’R)- TR2 | 5.043(1.196) | 0.826 0.784 0.874 | 0.699
TR3 | 4.913(1.083) | 0.882
. CIl | 5.339(1.005) | 0.908
JT][?EB] CI2 | 5.352(1.060) | 0.898 0.834 0.901 | 0.754
- CI3 | 4.800(1.115) | 0.795

TORPZRIE © AR




T4 EREEERRVERIREER
B2 | SN |PCM| IM SID PSI SIT SV TR CI
SN 0.889
PCM | 0.532 | 0.791
M 0.604 | 0.409 | 0.806
SID | 0.610 | 0.441 | 0.581 | 0.877
PSI | 0.595 | 0.531 | 0.497 | 0.662 | 0.738
SIT | 0491 | 0.385 | 0.619 | 0.640 | 0.586 | 0.918
SV 0.552 | 0,433 | 0.541 | 0.640 | 0.681 | 0.680 | 0.847
TR 0.395 | 0,433 | 0.375 | 0.525 | 0.592 | 0.565 | 0.642 | 0.836
CI 0.468 | 0.551 | 0.493 | 0.559 | 0.642 | 0.527 | 0.667 | 0.708 | 0.868
Note 1: ¥ HGHE R ii2 AVE SR - Hgg Ryt sy HR i%

B -

Note 2: SN= Subjective norm ( i A d13): PCM= Perceived Critical Mass (Z145F 55
% §). IM= Image (JIZ2 52): SID= Social Identity (jif ¥ Z[5]): PSI=
Para-social Interaction (%8| @7 /7 #f)): SIT= Social Interaction Tie (jif#i [y &)
Bi1%): SV= Shared Value (- Z{EH{f1): TR= Trust ({5{T): CI= Continuance

Intention (Ff e {5 FH = lie])
TORPRIR © AT



AR EE (SN)

SFE (TR)
L i S -0.069 R*=0.452
(PCM) (.24 2%+
0.029 ~ I 0437
T R 0,104+ A TR (C1)
g amy 0P R~ 0.543 D gie RE=0.583

0316594 | (.298%**

/ () pReee
Na HEEEATSY)
k2 (SID) /ﬂ.z:w R*= 0.462

¥ent & 5.&h (PSD)
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FERAHEE (SN)

{31E (TR)
Rt 5 M -0.069 R*=0.452
(PCM) 0.242%%
0.029 ~ I 04575
T 0.104¢ g FF 45 IR (CI)
B amy 03T R= (0,543 0 agyess R’= 0.583

0.31699¢ | ().298%+*

/ ﬂ_ﬁﬂiii
S~ HEEE (SV)
it #EEE (A (S1D) /ﬂ.:ﬂ." R*= 0.462

Heivt & HLE (PSI)
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https://www.youtube.com/watch?v=ysyZKARTebI&t=24s
https://www.youtube.com/watch?v=mLnu4-UwzCg
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